Rl R TR LARERHRERENRI SR 0%

PSR PR 2. B enl NS A 2
b AW SISO, A

2 RRICHE BEEER, AN

3 e T,

S APINCT TE

 FR AR,

E-mail: jiafei@gate.sinica.edu.tw; ksj@cis.scu.edu.tw;
churenhuang@gmail.com; kathleenahrens@yahoo.com; franker.lee@msa.hinet.net

WO AR, A RERRU SORNCE SO A R BRI, FEDEA T A — S A AR
] SCPITIIATE S, LA R Y T 220 A Ay SR IS 5 BAT 4 T as VB R RIS ()8 5 AR TR
W . BAT PR DA e 1m] SN A SCRFAE LA — eI B M imly i S, B (s F i el 220 L
HA: FcHziERZE (Chinese Gigaword Corpus)fi%nid (HowNet). {EHEXSUERIZE, Bl Ll
i EH TR RO IE S MRS 0 TR AT AT S P i) B AR R LER 0T o X LRI Ol R ol e AL
FE R R BT B v o
SRHEIR): YT S R SCTI ERLE T SRS RS

Corpus—driven Approaches to Sense Prediction

Jia-Fei Hong', Sue-Jin Ker?, Chu-Ren Huang®*, Kathleen Ahrens'®, Guan-Xun Li?
! Graduate Institute of Linguistics, National Taiwan University, Taiwan
2 Department of Computer Science and Information Management, Soochow University, Taiwan
3 Institute of Linguistics, Academia Sinica, Taiwan
4 Faculty of Humanities, The Hong Kong Polytechnic University, Hong Kong
5 Language Centre, Hong Kong Baptist University, Hong Kong
E-mail: jiafei@gate.sinica.edu.tw; ksj@cis.scu.edu.tw
churenhuang@gmail.com; kathleenahrens@yahoo.com; franker.lee@msa.hinet.net
Abstract: In this study, we would like to explore all possible senses of lexical ambiguity in Mandarin Chinese in order
to deal with the undefined sense prediction study and to bring about more appropriate lexical ambiguity resolutions. We
propose to use corpus-driven linguistic approaches for a sense prediction study. We will concentrate on individual
semantic features to predict the senses of non-defined words by using corpora and tools, such as Chinese Gigaword
Corpus and HowNet. Using these corpora, we will determine the collocation clusters of my target word through

semantic features and concepts. This requirement will demonstrate the visibility of the corpus-based approaches.
Keywords: Lexical ambiguity, sense prediction, corpus-based approach, collocation, concept clustering.
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